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Face illumination compensation based on wavelet transform
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Abstract: A novel illumination compensation algorithm for face recognition under nonuniform illumi-
nation conditions is presented. The face images are transformed from spatial domain to logarithm do-
main and 2-dimension wavelet transform is calculated by the algorithm. Then coefficients of low-fre-
quency subband image are discarded for face illumination compensation in logarithm domain. Because
the purpose of illumination compensation is to improve the performance of face recognition, the effect
of face illumination compensation is defined by face recognition rate. The proposed algorithm is com-
pared with the Discrete Cosine Transformation(DCT) method in logarithm domain in Yale B face data-
base, the experimental results show that the average error rate of the proposed algorithm can reach
0.18%, which is lower than that of the DCT method. In addition, the experimental results in CAS_
PEAL face database indicate that the performance of the proposed algorithm is equivalent to that of
the DCT method.
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Tab.1 Part of experimental results in Yale B face database
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Tab. 2 Experimental results of different algorithms

in Yale B database
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